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Abstract. We study a fully-connected parity machine witti hidden units for continuous
weights. The geometrical structure of the weight space of this model is analysed in terms of
the volumes associated with the internal representations of the training set. By examining the
asymptotic behaviour of order parameters in the lakgémit, we find the maximum number

ac, the storage capacity, of patterns per input unit to & K/In2 up to leading order,

which saturates the mathematical bound given by Mitchison and Durbin. Unlike the committee
machine, the storage capacity per weight remains unchanged compared with the corresponding
tree-like architecture.

1. Introduction

Since Gardner’s pioneering work [1], statistical mechanics has proved to be a useful tool
to study feed-forward neural networks. In particular, it has allowed the derivation of the
storage capacity and the generalization error of neural networks inferring a rule by examples.
Therefore, the investigation via statistical mechanics in various feed-forward neural networks
constitutes a subject of current interest [2, 3].

For storage capacity, Barkat al [4] obtained the storage capacity of a tree-like parity
machine with non-overlapping receptive fields (NRF), for continuous weights. Their value
is exact within the one-step replica-symmetry-breaking (RSB) scheme [5] and satisfies the
mathematical bound obtained by Mitchison and Durbin [6]. Later, Baekail [7] and
Engelet al [8] considered committee machines and found many interesting results. They
found that, for a fully-connected machine, permutation symmetry, that is the invariance of
output under permutation of hidden units, breaks as the number of input patterns increases.
This permutation symmetry breaking was also observed for generalization problems [9] and
is known to be characteristic of fully-connected architectures.

Monasson and O’Kane [10] proposed a new statistical mechanics formalism which can
analyse the weight space structure related to the internal representations of hidden units. It
was applied to single-layer perceptrons [11-13] as well as multi-layer networks [14—16].
Monasson and Zecchina have successfully applied this formalism to both the NRF committee
and parity machines [14]. They suggested that replica symmetric (RS) solutions under this
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new formalism can vyield reliable results equivalent to the one-step RSB solution in the
conventional Gardner method. Recently, Xiagtgal [18] and Urbanzik [17] independently
obtained the same storage capacity for a fully-connected committee machine via this new
approach. Using the Gardner approach, Kwoal [19] also obtained a similar value which
is different by only a constant factor, showing the same scaling behaviour in karge

In the present paper, we present the analysis of weight space associated with internal
representations for a parity machine with fully-connected architecture and continuous
weights. Most attention will be paid to the limit of larg€ hidden units. The scaling
of the order parameters is studied analytically and the storage capacity is obtained up to
leading order.

2. Analytical formalism

We consider the fully-connected parity machine withinput units, K hidden units and
one output unit, where the weights between hidden units and the output unit are set to 1.
Every pair of input and hidden units is connected by weightwherei =1, ..., N label
the input units and = 1, ..., K label the hidden units. We consider the case of continuous
weights with spherical constraianV J2 = N. Input patterns are represented&fywhere
w =1 ..., P are indices for the patterns. The output in response to an input pattern
given by [T, t/* with ¢/ = sgn(J; - £") representing the internal state of hidden unit

Given P patterns with output codes®, the learning process in a layered neural network
can be interpreted as selecting cells in the weight space corresponding to a set of suitable
internal representations= {z/‘}, each of which has a non-zero elementary volume defined

by
Vo= Tr{J/f} l_[ ®<Gu 1_[ Tﬁ) l_[ ®<T[M Z Jliéﬁ) (1)
n 1 w,l i

where®(x) is the Heaviside step function. The Gardner voluvig i.e. the volume of the
weight space which satisfies the given input—output relat{gfi — o#, can be written as
the sum of the cells over all internal representations:

Vo= V.. 2)

As mentioned in [10, 14], the method adopted here is based on the analysis of the
detailed decomposition of the Gardner voluivig in elementary volumed/, associated
with a possible internal representation. The distribution of elementary volumes can be
derived from the free energy

g(r) = —%In (ZV) ®)

where the overbar denotes the average dyermnd o#. The entropyN[w(r)] and the

typical sizew(r) = —(1/N)InV, of volume V, can be obtained through the Legendre
transformations:
_ 08 _ lrg()]
Nl = -3 wi == (4)

The entropiesVp = Mw(r = 1)] and Ny = NM[w(r = 0)] are of most importance. In
the thermodynamic limit(1/N)In(Vg;) = —g(r = 1) is dominated by elementary volumes
of sizew(r = 1) with the number ex@V ) of internal representations. Furthermore, the
most numerous elementary volumes have size = 0) and number ex@VA%) of internal
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representations. The vanishing condition for the entropies is related to the zero volume
condition for Vs and thus gives the storage capacity.
The replicated partition function for the fully-connected parity machine reads

(Lv) = Srenllo(TTw) [Te(+Xae) @
T {7} i

na 1 plaa

witha =1,...,r anda = 1,...,n. One can set* to 1 for a symmetric distribution

of input patterns. Differing from the conventional Gardner approach, two kinds of replica
indices for the weights are introduced. The first comes from the integer powfeinternal
volumes appearing in the partition function and the second from the conventional replica
trick. Introducing the order parameters as

apa 1 oa
Qucﬂ b= N Z‘Ili Jlgb (6)

as observed in our previous calculation [18], the RS ansatz implies the five sets of order
parameters

g  (=koa=pa#b)
q (I =k a#p)
o =1 ¢ (#koa=p) @)
d* (#k,a=pB,a#Db)
d (I #k,a # B).

g* andg are known to be the typical overlaps between two weight vectors corresponding
to the same and to different internal representationsespectively [14]. For the fully-
connected architecture, additional order parameterg* and d have been introduced,
which describe the correlations between weights that leave the same input unit and arrive
at different hidden units. ¢ and d* characterize those correlations within one internal
representation, whereascorrelates different internal representations.

By using the standard saddle-point method in dhe> oo limit, we find

ﬁ”:_q (K —1(g—d)
2[1—gq*+r(q* —q) —[c —d* +r(d* — d)]
K-1
+ In{l—q*+r(g"—¢q) —[c—d" +rd —d)]}

" g+ (K—-1d
1-g*+rg*—q) + (K —Dlc—d*+r(d* —d)]

1
—i—; INfl—q*+r(g*—q)+ (K —D[c—d*+rd* —d)]}

+(K—1)(1—%> In(1—g" —c+d")
+<1— 3) |n[1—q*+(K—1)(c—d*)]} —z/Dx/HDy’
r r !

x In [Tr,,@(l?[n)/Dz/l?[Dul(/DvHH(Ql)>r:| (8)
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where we have pubx = exp(—x2/2)/v/2, H(y) = f;’o Dx and

V& —q—d +du+e—d"v+Jg—dy +Jd* —dz+Vdx)y

Herewa denotesP /N, the number of patterns per input unit.

The order parameters can now be found from the stationary conditi@rirof Then
one can estimate the values= o for Np = 0 anda = ay for Ny = 0. ap determines
when the volumes of the most dominant size comprising the Gardner vdfgmanish and
ag determines when the most numerous volumes vanish. In general, the storage capacity
a¢ should satisfy the inequalityp, < g < ac. For the NRF parity machine, it was found
asymptotically in the largek limit that «p = ap = ac = InK/In2 [14], agreeing with
the result found from the Gardner approach [7]. For committee machines, the valugs of
were found for both the NRF [14] and ORF [17, 18] cases, also showing good agreement,
other than a constant factar2, with the result from the Gardner approach [19]. This
discrepancy observed in the committee machines might come from the different levels of
RSB scheme used in the two approaches: an RS calculation in the new approach based
on internal representations and an 1RSB in the conventional Gardner approach. In the
following we will consider the ORF parity machine and find the asymptotic values,of
andag.

Q=

©)

3. Storage capacity in largeK limit

We investigate the asymptotic expression for the storage capacity in the limit of Aarge
hidden units. There is a particular phenomenon, permutation symmetry breaking (PSB),
which is only observed in fully-connected machines. Permutation symmetry (PS) is
invariance of the output under the permutation of the hidden units. From the usual view of
a valley landscape, which is useful in spin-glass-like systems with broken ergodicity, the
Gardner volume for a smaller number of patterns is obtained within a single valley. Given

a weight vector inside this single valley, the other weight vectors transformed by permuting
hidden units then also lie in the same valley. PS is preserved in this case. As a result, there
is no preferred alignment of hidden units so that on-site overlap between different sites
are not distinguishable and found to be at m@stk —1) vanishing in the leading order.

For an increased number of patterns, the weight space constituting the Gardner volume is
decomposed into many valleys. Weight vectors with different alignment of hidden units
then belong to different valleys, spf, that is the largest on-site overlap, has a non-zero
value. This stage is called the PSB phase. In this phase, as the number of patterns increase,
g* — 1 and the machine reaches its maximal storing capability. The shift from the PS to
PSB phase is expected to be driven by a phase transition, as observed for the committee
machine [17,19]. We concentrate here only on the PSB phase in order to find the storage
capacity.

For fully-connected machines, there appear order parameters between different hidden
units: ¢, d andd*. One can observe from the expression of the free energy that they
contribute in rescaled formgK —1)c, (K —1)d and(K —1)d*. For the committee machine
these rescaled order parameters were found to & bf to leading order. Corrections were
also found [18], but they were not necessary in order to find only the dominant term of the
storage capacity. This is also true in this study of the parity machine.

First, we concentrate on the — 1 limit, which corresponds to the internal
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representations giving the dominant contribution to the Gardner voldgnen this limit,

g(r) = g(1) 4+ (r — HNp. (10)
The free energy (1) is independent of* andd*, and is given by

__&E-D@g-d _ g —(c—
e = 5[ {2 =R K - Dl - g - - )
g+ (K —1d
1T g1 (K _Die—d) +|n[1—q+(K—1)(c—d)]}
_a/Dx/HDyzln |:Trr1®(l_[r,>/Dz]_[H(Q1):| (11)
l 1 !
where

_\/c—dz+\/q—dyz+\/3x

. 12
VJ1—-g+d—c a (12)

()]

The explicit form of Ap is

N _;FK—Dw—wnf—q—uﬁ—w]
°T (1—g—c+dy?

2
+K-DIn[l—¢g —(c—d)] —

(K —D[g* —q — (d* —d)]
1-g—(c—-4d)
[¢ + (K —Ddllg" —g + (K — D(d* —d)]
[1-g+ (K —21(c—ad)]?
—(K =1 InQ—g* —c+d*) —In[1 —g* + (K — 1)(c — d*)]
q*—q+(K—1)(d*—d):|
1—q+ (K —21(c—d)

+IN[l =g+ (K —=D(c —d)] -

—a/DfoDy;

XTr,,@(]‘[, 7)) [ Dz [T], Du; [ Dv[], H(Q)In[[ Dv[], H(2)]
Tr, (1, @) [ D[], H(Q))

+afDx/17[Dylln |:Trr1®(17[n>/Dz17[H(Q,):|. (13)

Notice thatg(1) has the same expression as the RS free energy found from the Gardner
approach, which is generally true for both the parity and committee machines, irrespective

of NRF and ORF architecturesg(1) is a function ofg, (K — 1)c and (K — 1)d only,
which can be found from the saddle-point condition §@i). For the committee machine,
it was shown thaty — 1, (K — 1)c ~ —1 and(K — 1)d ~ —1. g as well asg* showed

PSB. However, we observe a quite different behaviour in these order parameters for the

parity machine. We find thaj preserves PS; = 0. Maybe the most different property is

that (K — 1)c = 0 and(K — 1)d = 0 to leading order. Corrections are not necessary for
the dominant term of the storage capacity. This simple structure makes further calculations

easy.q* and (K — 1)d* appear only ing’(1), i.e. Np. We find

21’*2
1-gt~ 2 (K — Dd* ~1— g% (14)
202
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with 1 = —/7 [ duH u)In H(u) ~ 0.62. This shows that PS is broken inside the same
internal representation. The detailed expression(for— 1)d* is not needed. Then the
asymptotic expression for the entropy is

K
ND:E—FKlna—aInZ (15)

which vanishes at = ap >~ KInK/In2.

Second, we consider the limit — 0. In this limit g* behaves as + ¢* = r/u,
whereu — oo. As in ther — 1 limit, one finds that K — 1)c =0, (K — 1)d = 0 and
(K — 1)d* ~ 1— g* to leading order. Then the free energy is given by

K * * *
rg(r) ~ —E[ln(l—q +rqg*) —In(l—g")]

—«ln [Trn@(lj[r,)l?[/Du;H’( 1f*q*u,>}

1
. 16
=) @
The saddle-point equation with respectitagives /i >~ «. Finally, we obtain the typical
logarithm Nk of the total number of internal representations,

K
~ —Eln(1~|—,u)+(x|n2—K(x|n |:1+

Ne~K+Klna—aln2 (17)

which vanishes atr = azp >~ K In K/In2. We have found thatp = «ay to leading order.
Therefore, we expect that the dominant term of the asymptotic value of the storage capacity
is given by

KInK
Up = 0R = U, = .
b k In2

The storage capacity per weight of the fully-connected parity machineKsIm2, which
satisfies the mathematical boundn K by Mitchison and Durbin [6].

It is interesting to compare this result with the storage capacity of the NRF parity
machine [4, 14]. The storage capacity per weight remains unchanged for the fully-connected
case. This phenomena is different from the case of the committee machines, where the
storage capacity per weight for the ORF case is larger than that for the NRF case [14, 17-19].

We argue that this feature comes from the unique structure of the fully-connected parity
machine, which is characterized by global symmetry [4] as well as permutation symmetry.
For the fully-connected committee machine near saturated input patterns, PS is broken both
inside the same internal representation and between different internal representations, i.e.
q* # d* andg # d. However, in the fully-connected parity machine, PS is broken only
inside the same internal representation, whereas PS between different internal representations
is preserved due to the global symmetry of the systemgi.et d* andg = d. As a result,
the storage capacity per weight remains unchanged for the fully-connected parity machine.

(18)

4. Summary

In this paper, we have presented a theoretical investigation of the storage capacity of the
fully-connected parity machine with continuous weights. The geometrical structure of the
weight space has been analysed using the new method proposed by Monasson and O’Kane
[10] and developed by Monasson and Zecchina [14,15]. By examining the asymptotic
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behaviour of order parameters in the lar@elimit, we find a reliable estimate of the
storage capacity. to be K In K/In2 without using the RSB scheme.

In the Gardner approach for the parity and committee machines, the RS calculation
leads to a wrong result. However, in this approach based on the analysis of internal
representations, the RS calculation seems to give a reliable result. A small discrepancy of
a factor+/2 between the two approaches was observed for the committee machine [19].
For the parity machine, there is no such discrepancy found in the NRF case [4,15]. One
can expect a similar coincidence between the two approaches in the ORF case, as has been
shown in this study. As mentioned in [14, 15], in the NRF case the instability of the RS
solution for finite K decreases with increasing. Then a similar stability analysis in the
ORF case deserves further research. It is also interesting to consider this problem via the
Gardner approach.
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